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Open Source vs. Closed Source

« GPTs are not open source
* Transformer model is open source
« Meta’'s LLaMa models are OW
 LLaoMa3.1is as good as GPT4.

Model Source Code |Training Data  |Checkpoints
(X Meta LLaMa 3 OfpE Partially Open |Open
BL M BLOOM Open Open Open
............................ ey
Technology Innovation nsitute Falcon 1808 i3 el
Google Research Flan-T Open Not Open Open

Meta

Open Source Al Is the Path
Forward

July 23,2024
By Mark Zuckerberg, Founder and CEO

Why? People want

- Their own model

- Control their own destiny
- Protect their data

Good for Meta?

- First mover advantage
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Small - hand phone
Medium - PC or Laptop
Large - Server

ULarge - Cluster

Revolutionary processing power

Meet the fastest, most powerful Snapdragon for laptops, available first in
Galaxy Book4 Cdge.*

Llama Models
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Input

the cleverest thinker of all time was MASK
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We know

- How to iteratively adjust billions of
oarameters and make it better at
oredicting the next word

We don’t know
- How these parameters work
together achieving It

It builds and maintains a knowledge
database, but it is imperfect.

‘Reversal Curse” example
- Q:Who is Tom Cruise’s mother?
A Mary Lee Pfeiffer (correct)

- Q' Whois Mary Lee Pfeiffer’'s son?
Al dont know.

Aware that LLM outputs are probable artifacts!
- Need to develop sophisticated method to verity and correct theml

Retrieval Augmented Generation



LLM Scaling Laws: : IsoFLOPs slices :

« Parameter Scaling: Larger models with more parameters o] u
fend to perform better. | : ——

- Data Scaling: Models trained on more data show improved L soml T TR T TR | --- doord |
performance. | i A= e |

W B . o0 % i
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GPT3.5 175 billion parameters N SR s Ler ietal |
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Pre-training (once/year)

Collect 10 TB of fext

Get a cluster of 10,000 GPUs

Feed the text intfo LLM ($2M, month)
Obtain the pre-trained (PT) model

Fine-tuning (once/month)

Consult Alpaca paper for instructions

Next word prediction
enables the LLM to learn
a lot about the world!

Makes an assistant

Get a single GPU or GPU server. < Create
Generate 100K high quality Q&A responses (or buy) - - SO
Fine-tune the PT model on Q&A responses (1 day) = Suggest

, e Describe
Obtain FT model \ A o

aaaaaaa

nnnnnn

Classify

kkkkk

5¥
parent=convert
d=comvertfext



2024 Novel Prizes

John Hopfield Geoffrey Hinton
The Nobel Prize in Chemistry 2024
“for foundational discoveries and inventions “for foundational discoveries and inventions
that enable machine learning with artificial that enable machine learning with artificial
David Baker Demis Hassabis John Jumper neural networks” neural networks”

“for computational protein design™ “for protein structure prediction™ “for protein structure prediction”

1

- John Hopfield. Ill. Niklas Elmehed © Nobel Prize Geoffrey Hinton. IIl. Niklas Elmehed © Nobel Prize
1= ~ Outreach Outreach
David Baker. Ill. Niklas Elmehed © Nobel Prize Demis Hassabis. Ill. Niklas ElImehed © Nobel Prize John Jumper. Ill. Niklas Elmehed © Nobel Prize
Outreach Outreach Outreach

They used physics to find

They cracked the code for patterns in information

proteins’ amazing structures

This year’s laureates used tools from physics to construct methods that
helped lay the foundation for today’s powerful machine learning. John
Hopfield created a structure that can store and reconstruct information.
Geoffrey Hinton invented a method that can independently discover
properties in data and which has become important for the large artificial
neural networks now in use.

The Nobel Prize in Chemistry 2024 is about proteins, life’s ingenious
chemical tools. David Baker has succeeded with the almost impossible
feat of building entirely new kinds of proteins. Demis Hassabis and John
Jumper have developed an Al model to solve a 50-year-old problem:
predicting proteins’ complex structures. These discoveries hold enormous
potential.

Related articles

Related articles

- Press release @© Johan I tad,/ The Royal Swedish Acads f Sci
Press release © Johan Jarnestad/The Royal Swedish Academy of Sciences Popular inf tion: Th d physics 1o find patt . ohan Jarnestad/The Royal Swedish Academy of Sciences
Popular information: They have revealed proteins’ secrets through ! [}pu ar information: They used physics to find patterns in
information

computing and artificial intelligence
Scientific background: Computational protein design and protein
structure prediction

Scientific background: “for foundational discoveries and inventions
that enable machine learning with artificial neural networks™

iberVance




Broad and Deep Search Generative Als

Artificial Intelligence

AlphaGo, a tree search algorithm, finds a winning play via wide and
deep search, instantaneously
using a cloud of computers

Generative Al

~ A network of Al agents
i - Each node is a domain expert
- Local self-learning
- Global cooperative learning network
- Solving real-world problems
- Evolution of network intelligence



Al assistant in laptops & hand phones

Apple Intelligence

COpilOt"'PC Apple Intelligence is the personal intelligence system that puts powerful generative models

________ right at the core of your iPhone, iPad, and Mac and powers incredible new features to help

users communicate, work, and express themselves. You can bring these Apple Intelligence
features right into your apps.

An Al agent is an Al assistant which autonomously performs tasks for me. You can run your SLM on device.
It listens to me or watch my screen activities and assists me:

~ Make fravel plan But for medium and large models,

- Write a report you have to choose between

mm

Operating System

- Carry out on-line research
Web2 and Web3

Browser

Storage
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Web 2 platforms: . Take Rates
Facebook, YouTube, Twitter Read Write Own

They control content distribution, data Ghlis 2ben
collection, and monetization, which are key
aspects that Web3 seeks to decentralize and

democratize. Attract EtAIQt Extract EHAl

Web3 infrastructure

- dApps

- NFTs

- DAOs

- Permissionless blockchains

- Users control their data and identity

Take Rate 100% 45.0%

Take Rate 0.0% <2.5%



Web3 represents the 3rd phase of the internet,
focusing on decentralization, user control, and
blockchain integration.

Origin:

- The term "Web3" was popularized by Gavin Wood,
co-founder of Ethereum, around 2014.

- He envisioned a user-centric internet where
applications would not rely on a central authority,
and data would be owned by users.

Key Players:

= Gavin Wood (Polkadot), Vitalik Buterin (Ethereum),
and companies like ConsenSys, Chainlink, and
Protocol Labs.




Application Complexity

NOOO

Read-write-own, verifiable,
immersive, blockchain networks

,n@. Web 3

Read-write, interactive,
mobile, corporate networks

o
wxroo! msn¥ &
Read-only, HTML, email, open
networks, desktop computers

Web 1

Impact: Web3 could democratize the internet by
enabling peer-to-peer transactions, reducing reliance on
intermediaries, and creating new economic models
based on tokens and decentralized governance.

Challenges:

« Scalability: Many blockchain networks face
limitations in transaction speed and capacity.

« User Experience: Web3 applications are often less
user-friendly than their Web2 counterparts.

« Interoperability: Connecting different blockchains
and ensuring they work together smoothly is still a
work in progress.

Overall, Web3 is rapidly evolving but still in its early
stages.

The next few years will be critical in determining how
widespread and impactful it becomes.



Web3 Al refers to the fusion of Web3 and Al.

The idea of Web3 Al is emerging.

There are two types available today:

(Type 1) Web3 Al aims to run and train Al models on
decentralized, transparent, and permissionless Web3 infra such
as blockchains, smart contracts, and tokens. For this, we need to
create new systems where users can retain ownership of their
data and Al models, benefit economically from Al models, and
ensure privacy.

(Type 2) This fusion allows Al to operate on decentralized
platforms, enabling applications like decentralized autonomous
organizations (DAOs) to utilize Al for governance, decision-
making, and operations without relying on centralized entities.



Prospect

The near-term prospects for Web3 Al are
promising but also challenging.

The integration of Al into Web3 platforms could
disrupt various industries, including finance,
healthcare, and content creation.

Challenges

Scalability of blockchain technologies
Need for decentralized Al models

Key Takeaways

Use not only ZKML, OPML, Federated Learning...
But also layer-2 chains, sidechains, and off-chain
computations/storages for a greater scalability.
Track Al transactions

Allow people monetize their Als

Encourage cooperation among Al agents
Enable solving real world problems

Empower people at the edge




1. AKASH Network: Tokenized decentralized GPU Network
2. Morpheus: Open Source Decentralized Al Network

3. GAIANET: Decentralized GenAl Agents Network

4. Oraichain: Multichain and off-chain Al compute

5. SingularityNET

4. Rise of the Machine Economy

Many more projects exist in the direction of Web3 Al.
= Will discuss this in My Al Network (competitive landscape)

I\
N/

DUBAI
Al & WEB3
FESTIVAL

LEX SOKOLIN
Managing Partner
GENERATIVE VENTURES

E?NKGEAN quoﬁ E SEEIKERS AEENGA PARTNERS NEXUS EXPERIENCE

T.7 Interested [** Share

Wed Sep 18, 3:20 PM - 4:00 PM GMT +8 / 4:20 PM - 5:00 PM Your local time (&0 Min)

Decentralized Al: The Power of Permissionless Intelligence

Alex Skidanov
Co-Founder
NEAR Al
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Learning *
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e .

My Al agent

Local Data

Mutual Cross Learning
Learning
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Profitable Double-Spending Attacks

Jehyuk Jang and Heung-No Lee, Senior Member, IEEE

Abstract—Our aim in this paper is to investigate the
profitability of double-spending (DS) attacks that manipulate
an a priori mined transaction in a blackehain. 1t was well
understood that a successful DS attack s established when the
proportion of computing power an attacker possesses is higher
than that the honest network docs. What is not yet well
understood is how threatening & ack with less than 50%
g power used can be. Namely, DS attacks at any
proportion can be of a threat s long as the chance to making &
good profit exists. Profit is obtained when the revenue from

making a successful DS attack is greater than the cost of
carrying out one. We have developed a novel probal
for calculating a finite time attack prabability, Th

to size up attack resources needed to obtain the profit. The
results enable us to derive a sufficient and necessary condi
on the value of a transaction targeted by a DS attack. Our result
quite surprising: we thearetically show that DS attacks at any
propartion of computing power can be made profitable. Given
one’s transaction size, the results can also be used to assess the
risk of a DS attack. An example of the attack resources is
provided for the BitcoinCash network.
Index Terms— Blockehain, Double-Spen

g Attack, Profit,

acon.com 0.4%

eronl 5%

Vihasacom %1%
e 6o%
iCcom 1125
Fig. 1. Computation power distribution among the largest mining pools
provided by BTC.com (date accessed: S Jan_ 2020)

Nakamoto suggested the longest chain consensus for Bitcoin
protocol in which the node selects the longest chain among
all competing chains (1], There are also other consensus rules
[4], [5], but a common goal of consensus rules is to select the
single chain by which the most computation resources have

Time-Finite Analysis, y
Hypergeometric Series
L INTRODUCTION

blockchain is a distributed ledger which has originated

from the desire to find a novel alternative to centralized
ledgers such as transactions through third parties [1]. Besides
the rolc as a ledger, blockchains have been applicd to many

- symmetry

Article

been d based on the belief that it may have been
verified by the largest number of miners.

A double-spending (DS) attack aims to double-spend a
cryptocurrency for the worth of which a corresponding
delivery of goods or services has already been completed.
The records of payment are written in transactions and shared
in a network via the status-quo chain. Thus, to double spend.
attackers need to replace the status-quo chain in the network

ECCPoW: Error-Correction Code based Proof-of-Work

for ASIC Resistance

Hyunjun Jung @ and Heung-No Lee 2+
1
Gwangju 61005, Korea; junghjs5@gist.ac kr

Gwangju 61005, Korea

Blockchain Internet Economy Research Center, Gwangju Institute of Science and Technology,

School of Electrical Engineering and Computer Science, Gwangju Institute of Science and Technology.

*  Correspondence: heungno@gist.ac.kr; Tel.: +82-62-715-2237

check for
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Abstract: Bitcoin is the first cryptocurrency to participate in a network and receive compensation for
online remittance and mining without any intervention from a third party, such as financial institutions.
Bitcoin mining is done through proof of work (PoW). Given its characteristics, the higher hash rate results
in a higher probability of mining, leading to the emergence of a mining pool, called a mining organization.

Unlike central p ing units or

units, high-cost application-specific integrated

circuit miners have emerged with performance efficiency. The problem is that the obtained hash rate
exposes Bitcoin’s mining monopoly and causes the risk of a double-payment attack. To solve this problem,
we propose the error-correction code PoW (ECCPoW), ing the low-d ity-check decoder
and hash function. The ECCPoW contributes to the phenomenon of symmetry in the proof of work (PoW)

This paper proposes the impl,

tion of ECCPoW, replacing the PoW in Bitcoin. Finally,

we compare the mining centralization, security, and scalability of ECCPoW and Bitcoin.

Keywords: err ion codes proof- k (ECCPoW); proof-of-work (PoW); ECCPoW implementation;

ASIC resistance

IEEEAcces
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Error-Correction Code Proof-of-Work
on Ethereum

HYOUNGSUNG KIM "', JEHYUK JANG"", SANGJUN PARK "2,

D HEUNG-NO LEE™?, (Senior Member, IEEE]
!'School of Electrical Engincering and Computer Science, Gwangju Institute of Science and Technology. Gwangju 61005, South Korea
2 i £ 500-712. South Korea

Corresponding author: Heung-No Lee (heungno@gist.ac.kr)

This research was supported in part by the MSIT (Minisiry of Science and ICT), Korea, under the ITRC (Information Technology Research
Center) support program (IITP-2021-0-01835) supervised by the IITP (Institute for Information & Communications Technology Planning
& Evaluation), in the part by the IITP Grant through Korean Government MSIT under Grant 2020-0-00958, and in part by the National
Research Foundation of Korea (NRF) Grant through Korean Government MSIP under Grant NRF-2021 R 1A2BSB030021 15,

: ABSTRACT The error-correction code proof-of-work (ECCPoW) algorithm is based on a low-density
parity-check (LDPC) code. ECCPoW can impede the advent of mining application-specific integrated
circuits (ASICs) with its time-varying puzzle generation capability. Previous research studies on ECCPoW.
algorithm have presented its theory and implementation on Bitcoin. In this study, we have not only designed
ECCPoW for Ethereum, called ETH-ECC, but have also implemented, simulated, and validated it. In the
implementation, we have explained how ECCPoW algorithm has been integrated into Ethereum 1.0 as a
new consensus algorithm. Furthermore, we have devised and implemented a new method for controlling
the difficulty level in ETH-ECC. In the simulation, we have tested the performance of ETH-ECC us
a large number of node tests and demonstrated that the ECCPoW Ethereum works well with automatic
difficulty-level change capability in real-world experimental settings. In addition, we discuss how stable the
block generation time (BGT) of ETH-ECC is. Specifically, one key issue we intend to investigate is the
finiteness of the mean of ETH-ECC BGT. Owing to a time-varying cryptographic puzzle generation system
in ECCPoW algorithm, BGT in the algorithm may lead to a Thus, tests
have been performed to determine whether BGT distribution is not hcavy tailed and has a finite mean. If the
distribution is heavy-tailed, stable cannot n the valid: we have
presented statistical analysis results based on the two-sample ‘Anderson- Darling test and discussed how
the BGT follows an which has a finite mean. Our implementation is
available for download at https://github.com/cryptoece/ETH-ECC.

: INDEX TERMS _Anderson-| D..rlm,, test, ASIC-resistant, i ion codes, Ethereum,
P test, LDPC, proof- statistical analysis.
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Green Bitcoin: Global Sound Money

k Kim, Dilbag Singh, and Manjit Kaur

Heung-No Lee. Young

Abstract

Modern societies have adopted government-issued fiat currencies many of which exist today mainly in the
form of digits in credit and bank accounts. Fiat currencies are controlled by central banks for economic stim-
ulation and stabilization. Boom-and-bust cycles are created. The volatility of the cycle has become increas-
ingly extreme. Social i ity due to the of wealth is p ide. As such, restoring
sound money, which provides stored value over time, has become a pressing issue. Currently, cryptocurren-
cies such as Bitcoin are in their infancy and may someday qualify as sound money. Bitcoin today is considered
as a digital asset for storing value. But Bitcoin has problems. The first issuc of the current Bitcoin network is
its high energy The second is the cryptographic primitives which are
unsafe against post-quantum (PQ) attacks. We aim to propose Green Bitcoin which addresses both issues. To
save energy in a secure (self-el )

function and novel PQ secure proof-of-computation pnmnwc: It is expected to reduce the rate of energy
consumption more than 90 percent of the current Bitcoin network. The elliptic curve cryptography will be
replaced with PQ-safe versions. The Green Bitcoin protocol will help Bitcoin evolve into a post-quantum
secure network. In addition, it improves the properties of Bitcoin’s hash PoW while addressing environmental
concerns.

Keywords: Bitcoin, energy ion, error-correction codes,
able random function

a security, sound money, ver-

L. INTRODUCTION

E the global citizens not by our choice live in a world of boom-and-bust cycles created by the Federal
Reserve Board (FED) of the United States. In the boom phase of a cycle, the FED supplies debt-mon-

=22 DocsendOiA E0IE £ ASLILCEH
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ABSTRACT

Legal practice has seen a significant increase in the adoption of products using Artificial Intelligence (Al)
for various core legal tasks. However, these technologies are still in their early stages and lack the capability
to effectively address domain-specific challenges. One promising approach that enhances response quality
by integrating a curated external knowledge base into the Large Language Model (LLM) prompt is known
as Retrieval-Augmented Generation (RAG). Therefore, this paper leverages fine-tuned LLMs, advanced
RAG techniques, and an agent-based recursive feedback loop to evaluate RAG for legal Natural Language
Processing (NLP). Initially, a general-purpose embedding LLM was fine-tuned using legal corpora. The
fine-tuned LLLM was then evaluated against baseline LLM, showing an average performance improvement
of 13% in Hir Rate and 15% in Mean Reciprocal Rank (MRR). Furthermore, comparisons were made
between general domain LLMs and a Hybrid Fine-tuned Generative LLM (HFM) specifically designed for
the legal domain. The results demonstrated that the HFM observed average performance improvements of
249 across various tasks compared to baseline LLM. Finally, the evaluation of the proposed Legal Query
RAG (LQ-RAG) architecture against the Naive configuration and the RAG with Fine-Tuned LLMs (FTM)
configuration shows that the proposed RAG model significantly outperforms these baselines. In terms of
average relevance score, it achieves a 23% improvement over Naive configuration and a 14% improvement
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Time-Variant Proof-of-Work Using
Error-Correction Codes

Sangjun Park, Haeung Choi, and *Heung-No Lee, Senior Member, IEEE

Abstraci— The protocol for cryptocurrencies can be divided
into three parts, namely consensus, wallet, and networking over-
lay. The aim of the consensus part is to bring trustless rational
peer-to-peer nodes to an agreement to the current status of the
blockchain. The status must be updated through valid transac-
tions. A proof-of-work (PoW) based consensus mechanism has
been proven to be secure and robust owing to its simple rule and
has served as a firm foundation for cryptocurrencies such as
Bitcoin and Ethereum. Specialized mining devices have emerged,
as rational miners aim to maximize profit, and caused two prob-
lems: i) the re-centralization of a mining market and i) the huge
energy spending in mining. In this paper, we aim to propose a new
PoW called Error-Correction Codes PoW (ECCPoW) where the
error-correction codes and their decoder can be utilized for PoW.
In ECCPoW, puzzles can be intentionally generated to vary from
block to block, leading to a time-variant puzzle generation
mechanism. This mechanism is useful in repressing the emergence
of the specialized mining devices. It can serve as a solution to the
two problems of recentralization and energy spending.

Index Terms— Consensus, Cryptocurrency, Blockchain, Proof-
of-Work, Error-Correction Codes, Hash Functions

1. INTRODUCTION
n eryptocurrencies. the consensus part plays a role in leading
an agreement among trustless nodes without any communi-
cations. This part is the most innovative because it can prevent
the double spending attack [1] in a peer-to-peer network in the
absence of trusted parties. In Bitcoin [2], as an example, more
than ten thousand of nodes randomly scattered across the world

If a node was re-forging all the blocks alone, it could spend the
total amount of works done to all the mined blocks.

‘Without PoW, anybody with a computer can alter the content
of the blockchain, implying unauthorized changes in any mined
blocks can be possible. If PoW is attached to each mined block,
attackers cannot make any unauthorized modifications without
redoing all the works. Mo node can alone alter any mined block,
meaning an immutability property.

In Bitcoin, miners make rational decisions to maximize their
profits by following a two stage process in which J) the miners
select a blockchain whose length is the longest and if) they
extend this longest one by adding a newly mined block. Sup-
pose there are two blockchains where one is longer than the
other one in terms of the length. Since the longer chain has the
more accumulated works. altering it is more difficult. This
longer chain shall be treated the more trustable and preferable
by the miners. Thus, they select the longer chain. Making such
a selection is rational for the sake of keeping the mining re-
wards. The mining reward is a delayed conditional payment,
e., if a miner mines a block at a given time point ., the reward
is delayed until the future moment 1, of time. This time from #
to £, is measured in terms of the number of blocks, say 100
blocks. If this mined block was not a part of the longest chain at
the future time point #;, the reward vanishes. Thus, rational
miners select the longest chain.

In Bitcoin, miners spend computational resources to forge a
block by solving a puzzle carved in a bitcoin program as an on-

Decision

No Hn”

Check
nodes m .o .

The nodes are connected usin;

=0 Yes

An outputvector n of size
n

- Low Density Parity Check (LDPC) Decoder

e a parity check matrix H of size m x .

This H is randomly constructed from a previous hash value.

s,:=Sha256 (nonce.CBH)

nonce
—_—

Nonce Current Block Header
Generator (CBH)

L —

aper PDF

Algorithm 256 s Algorithm 256 s
T CBH

A hash vector of size 7 is constructed using all of the outputs of Sha256

ha256(s,)

,,:ShaZSG(s

W

Secure Hash Secure Hash Secure Hash

e e e ——
Algorithm 256



chrome-extension://efaidnbmnnnibpcajpcglclefindmkaj/https:/arxiv.org/pdf/2006.12306

1
>
[T
o
o
1>
=]
im
X
12
N
10
10
X
Ol¥
El
0
foF
P
o0
10
C
0

Al ERE ZE ZXI

@ User’s Al Service @ Return
Request to User 1. AFSXIIFADIE HSKSmart Contrach)0il Al AHIA Q&S HLICH
Virtual Machine
L Smart Contract (Al Agent API) 2. Z2EH|CI0| ADIE HIUS AsHSH LT
ayer
@ Contract Execute 3. Al HZ0l Al 2ei2 Al ZEE H|0I0I(ACL)M ZESLIC
Data Availability 4. ACLOI 221t HIOIEE 2E6tD, £2i0| b= E! [HIHK| 0 EZ0ICH A
quer Al Model & Data ?:1%5 E%% -J|\-J°-H°"L||:|‘
Al Compute @ Load Model/Data 5. ZI0| 2t=E|H ACLOI EFE Z1tE C-layer0l Et=tLICH
Layer
Task Allocator & ey, ACL: Al Training & ® Verified 6. C-layerJt 2RE Z1IE ASELILCL.
Scheduler Inference Workers Result
H= 24 OX™ol Jio - = SO
® Queue Task 7 .=;c|: ?L:D}} =dXA AL, C-layer= &0l EHHI(0I: PoS =2 PoW)E
Zlgist |C

Consensus ® Result

Layer E HI2KSC)0l 2211, SC= &

2= LM C-layer= A0
BretetLICE

ol
t= Z21E A XA

> Result Verification
VeT Synthesis & . ECC




y Al
Network

Verifiable Al Compute Cloud

Distributed Ledger Data Cloud

Al Computing Cloud Consensus
for Tx & contract for Al model & data

for Al Training & Al Inferences for Security & Verifiability

My Al Network= & MIAHI0 224t E F4dEl Web3 S2I2E HMI2ILILCE



l»:bllbrlbbvv
SCRRARRRRERER
}lll!lf

s
EED
epl

Pemi
e

Ol= XI& ei= K&



My Al HIOIFE=

Doctor Kim, Seoul
Seeing American patient

C Ol dIH= H+2 [H

H
« SOl A& QAL OI=2!

CI= HIOIZENIAH MHIA

SLHAIB E3

= A= EIE6HH AL

Doctor Kim’s
Al Agent

M K20

—_— =

= MiSotd fAS

@® Exam Request

@ Diag Results

® Money

@& My Al Network

OIOIXI GIOIEIE AtE2dH &=l Al HIOIREZ SEELLILCE
| Al HIOIZEUIH ZAIS Cl=IEELICE

Cambridge, MA

Ll

Harvard Medical Center
Radiologist Al Agent

Doctor Jones
Radiologist at Harvard




AME Jlz]

$1.400B

$1,200B

$1,000B

$800B

$ 600B

$400B

$200B

$0B

Blockchain Market Size

Precedence Research (2024)
$ 3,000M

$1.229B

2026 2027 2028 2029 2030 2031 2032 2033

Blockchain!/Web3 Al -5 ===

2024

=/ |
ﬁ

2025

51 4=

Web3 Al Market Size

$ 651M

$ 2,500M
$ 2,000M
$804B
$1,500M
$526B
$1,000M
$344B
$ — $529M
$147B $500M  $429M

. . l

mn $0M

2026

&)

ota!

$801IM

2027

market.us (2024)

$1,214M
$986M I
2028 2029

UASLICH

$1.494M

2030

$1.839M

2031

$2,264M

2032

$2,787M

2033



DS HE

AEXE= 012 =20 [Hi2l = XI=

Persona Al2t CHEISHII 20 Messages / 2hours Unlimited Unlimited
MY Al agent 2SI 1 Agent Unlimited Unlimited
MY Al agent@l [H2tst7I 20 Messages / 2hours 100 Messages /2hours Unlimited
Agents S22} - - ®)
== $0 $5 /month $ 10 /month

iberVance



— — = A RF
=Al 0l 32t = 33 =H
49| & BEP
$1.2M
Expected BEP
2027 Q1
$ 0.8M
$0.4M
$0.0M
2024 2025 2026 BéP 2027
—-ﬂ-mz- 2027
SE AEXL
9 $ 0.24M $ 0.48M $1.2M

HIE $ 0.3M $ 0.6M $1.0M
$ -0.056M $-0.1M $ 0.2M

iberVance



11. TMAHSZ 2 I Web3 Al AU S TIAlSH= 7|HEO0| QULIR?

gkek QICHM, What are their main focus areas and products?

1. 0g Labs: 5. ChatGPT GPTs 0fl GIO|E{E 22 S&A17|2, EfelofA| Mu|AE
o BHF £0} 0g Labs £ 4 Al 0fZ2|AH0|MHE 25t ZET Al .
w0 AatLG . HBoM 258 S EIX|SLIR?

o HME HEZ: 0/S2 C0|E 7+84 25 (DA Layen)t CIO|Ef XA
A% (Data Storage Layen)S ZRot0] 2H 2l Al 2 231t 7. OpenAl Ab= GPT-4 AMH|A Z7H2 H MAQle] AMEIE 1 Ao,
M2 2 9l HO|H A58 ag8Xo2 XYt 2HE .
= 3 ZAXHSEF A Ol =2 Al
=20l ALo] Al G| BRI oIS ZBS HOILI Web3 AH|AE= EX| 2% 2ol AME £ QUSX| 2270{9.

2. Talus Network:
o B3 20} Talus Network = S
OIO|FMEE 7i&ste O EE st ASFLICH
o HME HF: 201E O0|HE 7|

A QI ADLE Hofg AA5H, Web3 Of
(=,

20 AHS2E 93 A0tE

= 13. Open-Source 7| &0| ‘d3¢ct A7} A=71R?

mI>
fjo
njz
Ju
=
re
B

fm
13
Ok
E=)

15. My Al Network 7} THSO{X|H AIEXIS2 F+71 ER?

ot MK
-
oo
%
fjo

fot
o
ikl
=]
Kl
%
vl
kol
|0
Hu
=l
ofn
ot
et
4>
o]
|.|-|
Ju

r= oy o

Mo OF mot mjo 4

o 16. My Al Network & S8l 752 Y AlLIZ|RE2Z= O ZS0|
: ASNKR?

b2 3o oM S

Mot oY HO
oX oy o

i

i* Caogle 3t e 18. My Al Network & 8% S 2% €31} 10| 2 Ext
4 dFusionAl: o|AtZE0| 755t HO| &2 ALH7t 753 A2 2 Ho| =6, of
o B B0k dFusionAl £ 24 Al S ALRS| HRLIE| 7|4 XAl 7Hs A0 CHsH A B AMZIR?
d=5 Y4
o HUH HE: N 8% Z2EES A8 HRLUE H0iE 58
GiolH 7:1%% TS, FOIAL
sy 221

Web3 @ &= otH 22

—



My Al
Network

2 MIHIZE Al HIOIME UIEQSS
TSI AIRIS| S LBk

AMLCH

iberVance

OIS
ISTul4 / CEO iberVance




	슬라이드 번호 1
	슬라이드 번호 2
	슬라이드 번호 3
	슬라이드 번호 4
	슬라이드 번호 5
	슬라이드 번호 6
	슬라이드 번호 7
	슬라이드 번호 8
	슬라이드 번호 9
	슬라이드 번호 10
	슬라이드 번호 11
	슬라이드 번호 12
	슬라이드 번호 13
	슬라이드 번호 14
	슬라이드 번호 15
	슬라이드 번호 16
	슬라이드 번호 17
	슬라이드 번호 18
	슬라이드 번호 19
	슬라이드 번호 20
	슬라이드 번호 21
	슬라이드 번호 22
	슬라이드 번호 23
	슬라이드 번호 24
	슬라이드 번호 25
	슬라이드 번호 26
	슬라이드 번호 27
	슬라이드 번호 28
	슬라이드 번호 29
	슬라이드 번호 30
	슬라이드 번호 31
	슬라이드 번호 32
	슬라이드 번호 33
	슬라이드 번호 34
	슬라이드 번호 35
	슬라이드 번호 36
	슬라이드 번호 37
	슬라이드 번호 38
	슬라이드 번호 39
	슬라이드 번호 40
	슬라이드 번호 41
	슬라이드 번호 42
	슬라이드 번호 43

